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Changes in validity test scores after COVID: Reflection 
of general distress or something else?

Allyson G. Harrison , Nathaniel Davin  and Emma Jamieson 

Regional Assessment and Resource Centre, Queen’s University, Kingston, Canada

ABSTRACT
Objective: This study examined whether rates of symptom and per-
formance validity test (SVT, PVT) failure among assessment-seeking 
postsecondary students changed during and after the COVID-19 
pandemic relative to pre-pandemic levels, and whether such changes 
co-occurred with increased general psychological distress (GPD). 
Method: Archival data were analyzed from 1076 students assessed 
for possible attention-related disorders between 2018 and 2024 at a 
regional university-based assessment center. Participants completed 
multiple symptom and performance validity measures, a self-report 
measure of Attention-Deficit/Hyperactivity Disorder (ADHD), and a 
higher-order measure of general psychological distress. Students 
were grouped by assessment timing: pre-COVID (2018–March 1, 
2020), during COVID (March 2, 2020–August 2022), or post-COVID 
(September 2022–September 2024). Results: Failure rates on most 
PVTs did not differ significantly across time periods, indicating over-
all stability in performance validity, with one dyslexia-related validity 
measure showing higher failure rates post-COVID. On a personality 
assessment, students assessed during and after COVID reported sig-
nificantly higher Negative Impression Management scores, lower 
Positive Impression Management scores, and greater GPD. Rates of 
severe GPD increased from 23% pre-COVID to 38% during and after 
COVID. Failure on ADHD-specific SVTs also increased significantly 
post-COVID, indicating higher rates of non-credible ADHD symptom 
reporting despite stable performance validity. Discussion: Since the 
onset of COVID-19, postsecondary students have demonstrated 
heightened psychological distress alongside increased non-credible 
self-reporting, particularly for ADHD symptoms. These findings reflect 
parallel trends rather than a direct causal relationship and under-
score the importance of incorporating both symptom and perfor-
mance validity testing when interpreting self-reported symptoms in 
clinical and psychoeducational assessments.

Introduction

The adage “garbage in, garbage out,” originally coined in computer science, reflects 
the principle that even sound analytic logic produces misleading results when input 
data are flawed (Rouse, 2017). The same principle applies to psychological 
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assessment: diagnostic conclusions are unreliable when symptom reports are inac-
curate or performance data are non-credible.

Diagnostic evaluations for many types of non-visible psychological conditions rely 
heavily on the self-report information provided by patients and scores obtained from 
diagnostic performance tests. Unfortunately, there are many factors that can under-
mine the validity of information obtained in the context of a disability-related eval-
uation (Merckelbach et  al., 2019; Schroeder & Martin, 2022a, 2022b). Although 
malingering represents the most obvious threat to validity (Bender, 2015; Schroeder 
& Martin, 2022b), intent is seldom assessed directly during psychoeducational assess-
ments and so malingering cannot be inferred from PVT failure alone. While elevated 
rates of performance validity test (PVT) failure in adult psychoeducational assessments 
have been well documented, empirical evidence has failed to demonstrate that such 
failure is clearly due to deliberate or premeditated feigning (Harrison et  al., 2021; 
Martin et  al., 2015; Rosenfeld et  al., 2000). There are, however, many other factors 
that can affect the validity of data obtained during a psychological assessment 
(Merckelbach et  al., 2019; Schroeder & Martin, 2022a), including: high anxiety 
(Merckelbach et  al., 2019), depression (Merckelbach et  al., 2019), neuroticism (e.g. 
Denovan et  al., 2019), general psychological distress (e.g. Shwartz et  al., 2020), soma-
toform disorders (e.g. Aronson et  al., 2006; Lockhart & Satya-Murti, 2015), factitious 
disorders (e.g. Chafetz et  al., 2020), illness identity/diagnosis threat (e.g. Merckelbach 
et  al., 2019; Suhr & Gunstad, 2002; Suhr & Wei, 2017), sociogenic illness (e.g. Fremer 
et  al., 2024; Frey et  al., 2022), cluster B personality disorders (e.g. Hong et  al., 2019; 
Renner et  al., 2008), and psychotic or delusional disorders (e.g. van der Heide et  al., 
2020a). Martin and Schroeder (2020) found that the base rate of assessment invalidity 
ranges from 5% to 50%, depending on the setting and whether external incentives 
are evident, with a median estimated base rate of invalidity across clinical non-forensic 
settings of 15%.

Given the misinterpretation that can occur if clinicians rely on non-credible data 
when formulating a diagnosis and making treatment recommendations (e.g. Roor 
et  al., 2016; Schwarz, 2016; van der Heide et  al., 2020b), and research indicating that 
clinical judgment alone cannot help clinicians reliably identify when clients have 
produced non-credible data (Dandachi-FitzGerald et  al., 2017; Guilmette, 2013), a 
number of objective self-report and performance validity measures have been devel-
oped to help identify when data obtained in any assessment is not credible. These 
measures cannot determine why data are invalid, only that symptom reports or per-
formance scores are unlikely to be interpretable. Importantly, validity test failure does 
not rule out the presence of a genuine disorder, but it does preclude reliable inference 
regarding the nature or cause of the current results based on the available (invalid) data.

Since the onset of the COVID-19 pandemic, the mental health of adolescents and 
young adults has deteriorated globally, with substantial increases in internalizing 
symptoms, psychological distress, and functional impairment reported across countries 
(Benton et  al., 2021; Haidt, 2024; Jo et  al., 2023; Jones et  al., 2022; Montero-Marin 
et  al., 2023; Racine et  al., 2021). Concurrently, the proliferation of health-related mis-
information on social media platforms has been linked to outbreaks of mass sociogenic 
illness, particularly among adolescents and younger adults (Giedinghagen, 2023; 
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Shmerling, 2022). During this period, clinicians have documented sharp increases in 
presentations involving non-credible or atypical symptom patterns resembling Tourette’s 
syndrome (e.g. Frey et  al., 2022; Müller-Vahl et  al., 2022), dissociative identity disorder 
(e.g. Porter et  al., 2024), autism spectrum disorder (e.g. Harness & Getzen, 2022), and 
ADHD (e.g. Hartnett & Cummings, 2024; Martin et  al., 2023).

Emerging evidence suggests that such sociogenic symptom presentations may be 
more likely to occur among individuals (disproportionately females) with elevated 
internalizing psychopathology, heightened suggestibility, or broader psychological 
distress (e.g. Haltigan et  al., 2023). Importantly, although symptom and performance 
validity tests (SVTs and PVTs) are designed to be largely insensitive to bona fide 
psychiatric and neurologic conditions, prior research indicates that high levels of 
psychological distress, maladaptive illness beliefs, exposure to misinformation, and 
contextual pressures can increase the likelihood of exaggerated or distorted symptom 
reporting (Larrabee, 2012; Merckelbach et  al., 2019). Under these conditions, elevations 
on symptom validity indicators, particularly those embedded within self-report mea-
sures, may occur more frequently, even in the absence of deliberate feigning. As such, 
given the marked rise in mental health symptoms among young adults concurrent 
with a “crisis” in health misinformation dissemination on social media platforms both 
during and post-COVID pandemic (e.g. West et  al., 2021), the stage is potentially set 
for significant symptom overreporting.

Within this context, there is a need to empirically distinguish between changes in 
performance validity, symptom validity, and psychological distress among 
assessment-seeking postsecondary students during and following the COVID-19 pan-
demic. Determining whether such increases are occurring has important implications 
for diagnostic accuracy and clinical decision-making.

The primary aim of the present study was to examine whether rates of performance 
validity test (PVT) and symptom validity test (SVT) failure among assessment-seeking 
postsecondary students differed across pre-, mid-, and post-COVID-19 cohorts. Given 
prior literature demonstrating the relative robustness of validity tests across psychiatric 
and contextual factors, we examined whether performance validity outcomes would 
remain stable across cohorts despite substantial increases in psychological distress 
observed during and after the pandemic.

A second aim was to evaluate whether rates of non-credible symptom reporting, 
particularly on ADHD-specific self-report measures, differed across COVID-era cohorts. 
Based on evidence of increased psychological distress, increased non-credible symptom 
information being circulated on social media, and prior findings of ADHD symptom 
over-endorsement in high-distress contexts, we hypothesized that SVT elevations, 
especially on disorder-specific self-report measures, would be more frequent in the 
mid- and post-COVID cohorts.

Finally, we examined whether changes in symptom validity outcomes co-occurred 
with changes in general psychological distress. We assessed general psychological 
distress using a higher-order distress dimension derived from the PAI. This approach 
allows symptom reporting patterns to be interpreted within the broader context of 
global internalizing distress, rather than relying solely on individual symptom scale 
elevations. Rather than testing a causal model, this aim was intended to contextualize 
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symptom reporting patterns within broader shifts in distress observed among post-
secondary students following the onset of the COVID-19 pandemic.

Methods

Participants

Participants in this archival study were consecutively assessed postsecondary students 
who completed psycho-educational assessments at a regional assessment center 
between 2018 and 2024 and agreed to allow their data to be used for research pur-
poses. Students from various community colleges and universities across Ontario, 
Canada were referred to this assessment center for a comprehensive assessment to 
determine (or verify) whether they had an attention-related disorder that would require 
academic accommodations and/or medication to treat their symptoms.

In total, 1076 students (45.2% male; mean age = 22.16 years, SD = 6.70, range 
17–59) were identified who met these criteria. There was no significant difference 
found in gender distribution across the time periods (X2 (4) = 9.184, p = .057). There 
was, however, a significant difference in age F = (2, 1073) = 4.446, p = .012. Post-hoc 
testing showed that individuals assessed post-COVID were significantly older than 
individuals assessed pre-COVID. While specific information about ethnic groups was 
not included for each client in the database, a review of all referrals made to the 
center during this time period showed that the majority were White/Caucasian (72%), 
with the remainder of the sample identifying as Asian (12%), Black (6%), Middle 
Eastern (3%), or Other/not specified (7%). We therefore assume that the current sample 
is likely of similar composition.

Materials

Since these assessments were all undertaken to determine not only diagnosis but 
also to evaluate the need for possible academic accommodations, the assessment 
protocols employed a variety of measures, including: measures of cognitive and aca-
demic ability, self-and observer ADHD symptom reports, at least one stand-alone 
performance validity test (PVT), at least one embedded PVT, at least one symptom 
validity test (SVT), and a self-report measure of personality. The measures of interest 
in the present study are described below. Note that due to clinician preference and 
referral reasons, not every PVT and SVT listed was given to each student.

Clinical measures of interest

Personality assessment inventory (PAI)
The PAI (Morey, 1991) is a widely used, 344-item self-report inventory that measures 
a number of personality traits. Test-takers read and rate each statement on a four-point 
Likert scale (1-”Not true at all, False”, 2-”Slightly true”, 3-”Mainly true”, and 4-”Very 
true”). The test provides the clinician with data from 11 clinical scales, 5 treatment 
scales, and 2 interpersonal scales, along with a number of validity indices. Non-content 
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validity indices are included to determine whether the client responded consistently, 
paid sufficient attention to item content, and provided a sufficient number of 
responses. Inconsistency (ICN) scores greater than T = 72 and/or those with Infrequency 
(INF) scores greater than T = 74 are deemed invalid due to random or careless 
responding.

To evaluate content-related validity, the PAI includes two basic negative response 
bias scales of relevance to the present study: Negative Impression Management (NIM; 
Morey, 1991), and Malingering (MAL; Morey, 1993, 1996). NIM represents high reporting 
of rarely endorsed items and is interpreted as a measure of item over-endorsement; 
MAL is associated with exaggerated or feigned psychopathology and, in applied 
neuropsychological settings, may co-occur with other indicators of non-credible 
responding, although it is not designed to assess cognitive effort directly. Musso et  al. 
(2016) report that NIM and MAL showed promise in identifying college students 
feigning ADHD when using the following cutoffs (NIM > = 77, Mal > = 3). In addition, 
the PAI also includes indicators of positive distortion. For example, high scores (T > = 
68) on the Positive Impression Management scale (PIM) reflect overtly defensive 
responding or lack of insight. However, low scores on the PIM (i.e. denial of any 
positive qualities and endorsement of many minor flaws relative to the average indi-
vidual) may instead reflect deliberate exaggeration of psychological distress (Morey 
& Lanier, 1998). For example, Musso et  al. (2016) found that students who were able 
to successfully simulate symptoms of ADHD on a self-report rating scale obtained 
higher scores on the NIM and lower scores on the PIM scale compared with actual 
ADHD students. A cutoff score of <25 on the PIM scale resulted in 97.3% sensitivity 
and 91.1% specificity in identifying students feigning ADHD. Similarly, in their study 
of feigned ADHD, Smith et  al. (2017) noted that clinicians should be highly suspicious 
of symptom exaggeration when PAI profiles include mild to moderate elevations on 
the NIM as well as markedly below average scores on the PIM. Finally, subtracting 
PIM from NIM provides a single score that is said to reflect the overall direction and 
magnitude of impression management (Hopwood et  al., 2008). A positive score of 40 
or more suggests a greater tendency toward negative impression management, while 
a negative score (below zero) suggests a greater tendency toward positive impression 
management.

General psychological distress (GPD) was estimated using the first higher-order 
component identified in the invariant component structure of the Personality 
Assessment Inventory (PAI) full scales described by Hoelzle and Meyer (2009). Using 
multiple extraction and retention methods across six independent clinical and non-
clinical samples, Hoelzle and Meyer demonstrated that this component is highly 
stable and replicable, accounting for the largest proportion of shared variance 
among PAI scales. Component 1 is said to reflect a broad internalizing distress 
dimension, with strong loadings from scales assessing depression, anxiety, 
anxiety-related disorders, somatic complaints, stress, suicidality, and related symp-
tomatology. Hoelzle and Meyer (2009) assert that this first factor of the PAI appears 
very similar to the second factor they derived from the MMPI-2 –Restructured Clinical 
Scales, which embodies depressive withdrawal, helplessness, emotional discomfort, 
and demoralization.
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Importantly, although Component 1 includes contributions from Negative Impression 
Management, it is not conceptualized as a validity or malingering indicator. Rather, 
it represents a higher-order dimension of general psychological distress that remains 
interpretable after excluding profiles that meet standard PAI invalidity criteria. In the 
present study, Component 1 was used as a dimensional index of general psychological 
distress (GPD) to contextualize symptom reporting patterns rather than as an indicator 
of response validity. GPD analyses were restricted to participants with valid PAI profiles 
(i.e. INC, INF, NIM, PIM below interpretive thresholds). Of the participants with available 
GPD data, 46 cases were excluded due to non–content-related PAI invalidity, defined 
as Inconsistency (ICN) scores greater than T = 72 and/or Infrequency (INF) scores greater 
than T = 74. The proportion of cases excluded for PAI invalidity did not differ signifi-
cantly across pre-, during-, and post-COVID cohorts, χ2(2) = 0.144, p = .938.

For the present study, we employed the scoring program provided by Hoelzle and 
Meyer (2009) to calculate a T-score for Component 1 of the PAI (GPD). Similar to other 
clinical scales of the PAI, T-scores of 70 or more were taken to indicate a significant 
elevation.

Conners’ adult ADHD rating scale (CAARS)

The CAARS itself is a 66-item self-report scale that allows for the calculation of eight 
different indices, with some items contributing to more than one scale. CAARS items 
are rated on a 4-point scale (0 = not at all, 1 = just a little, 2 = pretty much, 3 = very much). 
The CAARS provides the following scores: a) four factor-derived subscales: b) three 
scales that correspond to the DSM-IV symptoms of Hyperactivity/Impulsivity, Inattention, 
and Total DSM symptoms; and c) an overall ADHD Index that is said to measure the 
“overall level of ADHD symptoms” (Conners et  al., 1998, p. 23). Unfortunately, no 
symptom validity scales were included in this original version of the CAARS; the test 
includes only an Inconsistency Index designed to identify inconsistent responses to 
items measuring similar content rather than overreporting of symptoms. While the 
CAARS does not include any published SVT, three methods of evaluating self-report 
credibility on the CAARS do exist. The first is the CAARS Infrequency Index (CII; Suhr 
et  al., 2011). The CII is composed of 12 items rarely endorsed by typically developing 
adults as well as those diagnosed with ADHD. Suhr et  al. (2011) identified a cut score 
of >21 as producing few false positive identifications for those with ADHD. The index 
was found to have modest sensitivity (approximately 30%) and high specificity (approx-
imately 95%). Cook et  al. (2016) found that the CII had 52% sensitivity to feigning 
and 97% specificity for ADHD based on extreme elevations of the three CAARS clinical 
scales derived from DSM-IV ADHD criteria. Because item-level responses were not 
recorded for all clients, data from only n = 570 clients could be used to calculate the 
CII in the present investigation.

The other two SVTs that can be calculated for the CAARS are described in detail 
by Harrison and Armstrong (2016). These authors embedded 18 validity items into 
the existing CAARS to identify symptoms of over-endorsement. The sum of these 
items produces a Dissimulation score (DISS), while a formula that combines the DISS 
with extreme scores from existing CAARS indices produces the Exaggeration Index 
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(EI). According to Harrison and Armstrong (2016), this Exaggeration Index (EI) is said 
to have acceptable classification accuracy when discriminating between those feigning 
ADHD and other clinical groups (including those with ADHD) who were reporting 
symptoms accurately; a cut score of EI >2 had sensitivity of .34 and specificity of .94, 
and a cut score of > = 20 on the DISS correctly identified 43% of instructed to feign 
students. A follow-up study (Harrison et  al., 2022) found the DISS to have .76 sensi-
tivity and .91 specificity, and the EI to have .53 sensitivity and .93 specificity when 
differentiating credible reporters from those suspected of feigning ADHD.

Of note, 117 cases were excluded from analyses involving CAARS-based symptom 
validity indices due to elevated CAARS inconsistency scores (Consistency Index ≥ 8). 
The proportion of cases excluded for CAARS inconsistency did not differ across cohorts, 
χ2(2) = 0.791, p = .673.

Performance validity measures
A variety of PVTs were employed in the archival assessments, depending on clinician 
preference and usability during COVID. All assessments included at least two PVTs, as 
this is said to produce excellent specificity when both tests are failed (Odland et  al., 
2015). Assessments included at least two of the following: the Word Memory Test (WMT; 
Green, 2003 revised 2005) or the Medical Symptom Validity Test (MSVT; Green, 2004); 
the Victoria Symptom Validity Test (VSVT; Slick et  al., 1997); the Dyslexia Assessment of 
Simulation or Honesty-Revised (DASH-R; Harrison et  al., 2025); the Reliable Digit Span 
(RDS; Greiffenstein et  al., 1994), an embedded measure obtained from the Digit Span 
subtest of the WAIS-IV; and the Symptom Exaggeration Index (SEI) from the Tests of 
Variables of Attention (TOVA; Greenberg et al., 2007). Cut scores used for each PVT may 
be found in Table 1. The present study did not classify individuals as globally credible 
or non-credible; rather, analyses focused on obtained scores and rates of exceeding 
established cutoffs on individual PVTs and SVTs across time periods.

Table 1.  Validity tests employed and cut scores used.
Validity test Failure cut score Reference

Word Memory Test As per manual Green, 2003, 2005
Medical Symptom Validity Test As per manual Green, 2004
Victoria Symptom Validity Test Hard Items < = 19 Frazier et  al., 2008
Test of Variables of Attention Symptom 

Exaggeration Index
> =3 Greenberg et  al., 2007

DASH-R Feigning Index >3 Harrison et  al., 2025
RDS < =7 Harrison et  al., 2010
PAI Validity Scales Morey, 1991

Inconsistency ICN > =73
Infrequency INF > =75
Negative Impression Management NIM > =77 Musso et  al., 2016
Positive Impression Management PIM <25 (e.g. denial of favorable 

characteristics)
Musso et  al., 2016

NIM - PIM >40 Hopwood et  al., 2008
Malingering Index MAL > =3 Morey, 1996

Conners’ Adult ADHD Rating Scale (CAARS)
CAARS Infrequency Index > =21 Suhr et  al., 2011
Exaggeration Index > =3 Harrison & Armstrong, 2016
Dissimulation > =20 Harrison & Armstrong, 2016

DASH-R: Dyslexia Assessment of Simulation or Honesty-Revised; RDS: Reliable Digit Span; PAI: Personality Assessment 
Inventory.
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Procedure

As part of the informed consent process, clients referred for assessment were asked 
at the first appointment whether their data could be entered into a database and 
used, without any identifying information, in subsequent archival research projects. 
Clients were told that they did not have to agree to allow their de-identified data to 
be used in any research study, and that they would still be provided with a complete 
assessment regardless of their decision. All clients who agreed to have their anony-
mous data used for this research and who agreed to complete the experimental tests 
(99.9%) were included in this ongoing REB-approved archival data collection study.

Clients underwent a psychoeducational or neuropsychological assessment, including 
completion of mental health surveys, self and observer-symptom reports, cognitive 
and achievement tests relevant to the referral question, and tests of performance and 
symptom validity. To ensure that the current study was evaluating assessments con-
ducted during similar spans of time, we reviewed data obtained from approximately 
equal periods of time both before and after the start of COVID-19 restrictions. Using 
the same classification method as that employed by Jamieson et  al. (2025), students 
were grouped based on the date of their testing feedback appointment. If the assess-
ment feedback appointment occurred during the dates of January 1st, 2018 to March 
1st, 2020, they were included in the pre-COVID group. If the participants’ feedback 
session occurred between the dates of March 2nd, 2020 to August 31st, 2022, they 
were placed in the during-COVID group. Given that in-person learning did not resume 
until the fall of 2022, students were placed in the post-COVID group if their feedback 
occurred during the dates of September 1st, 2022 to September 3rd, 2024. Note that 
during the COVID-19 restrictions phase, all in-person testing was completed using 
personal protective equipment and a plexiglass screen placed in between the client 
and the assessor, with room for testing materials to be passed underneath the screen.

Results

When examining scores obtained on PVTs during all three time periods, one can see 
that only the mean scores on the DASH-R Feigning Index (FI) were significantly dif-
ferent across the three time periods (see Table 2). Post-hoc analysis indicates signifi-
cantly higher scores on the FI both during and after the COVID-pandemic when 
compared to the pre-pandemic period. Furthermore, the percentage of students 
deemed to have failed the DASH-R (i.e. exceeded the published cutoff on that individual 
measure) increased significantly both during and after the onset of COVID compared 
with pre-pandemic levels. On no other PVT, however, were obtained scores significantly 
different across time periods, nor was the percentage of students deemed to have 
failed a PVT different during those three time periods.

On the PAI, no significant difference was found across time periods in the number 
of students with elevations on non-content validity scales (INC and INF; See Table 3). 
After removing individuals with invalid PAI profiles based on INC and INF elevations, 
mean scores on the NIM, PIM, and NIM–PIM indices differed significantly across time 
periods. Post hoc analyses indicated that students assessed during and after COVID 
reported significantly higher levels of negative impression management (i.e. higher 
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NIM scores), were less likely to present themselves in a favorable light (i.e. lower PIM 
scores), and demonstrated larger NIM–PIM discrepancy scores compared to pre-COVID 
cohorts (see Table 4).

Table 2. P erformance validity tests scores from pre-during- and post COVID.
Pre During Post F/X2 p n2/Cramer’s V

WMT IR N = 608
N 402 66 140
Mean 94.48 93.16 94.15 0.729 .483 0.002
SD 8.48 8.02 8.13
%< = 82.5 8.0 16.7 11.4 5.522 .063 0.095
WMT DR N = 606
N 401 65 140
Mean 94.55 94.35 93.94 0.210 .811 0.001
SD 9.67 8.68 9.70
% < = 82.5 10.0 7.7 11.4 0.695 .706 0.034
WMT CNS N = 604
N 399 65 140
Mean 92.53 91.09 91.63 0.784 .457 0.003
SD 10.48 10.54 10.05
% < = 82.5 14.8 16.9 17.9 0.815 .665 0.037
MSVT IR N = 391
N 194 81 116
Mean 97.18 96.54 97.22 0.280 .756 0.001
SD 7.21 7.36 6.30
% < = 85 6.7 8.6 6.9 0.341 .843 0.030
MSVT DR N = 390
N 193 81 116
Mean 95.48 94.94 95.39 0.097 .908 0.000
SD 9.56 9.60 8.97
% < = 85 11.9 12.3 12.1 0.010 .995 0.005
MSVT CNS N = 389
N 193 81 115
Mean 94.48 93.58 94.15 0.217 .805 0.001
SD 10.04 12.02 9.65
% < = 85 13.5 16.0 16.5 0.633 .729 0.040
VSVT Hard = 247
N 168 22 57
Mean 20.66 19.86 18.98 2.833 .061 0.023
SD 4.41 4.94 5.21
% < = 19 22.6 27.3 35.1 3.470 .176 0.119
TOVA SEI = 270
N 124 61 85
Mean .24 .16 .27 1.097 .336 0.006
SD .55 .37 .59
% > = 3 0.8 0 1.2 0.682 .711 0.050
RDS = 546
N 282 109 155
Mean 8.55 8.50 8.63 0.167 .846 0.001
SD 1.93 1.77 1.80
% < = 7 30.1 28.4 26.5 0.671 .715 0.035
DASH-R FI = 433
N 257 35 141
Mean 1.24a 1.83b 1.82b 10.989 <.001 0.054
SD 1.03 1.38 1.39
% > = 3 10.9a 22.9b 29.8b 22.608 <.001 0.229

Note: Means with different superscripts are significantly different from one another based on Tukey HSD Post Hoc 
analysis; WMT IR: Word Memory Test Immediate Recall; WMT DR: Word Memory Test Delayed Recall; WMT CNS: 
Word Memory Test Consistency; MSVT IR: Medical Symptom Validity Test Immediate Recall; MSVT DR: Medical 
Symptom Validity Test Delayed Recall; MSVT CNS: Medical Symptom Validity Test Consistency; VSVT: Victoria 
Symptom Validity Test; TOVA SEI: Test of Variables of Attention Symptom Exaggeration Index; DASH-R: Dyslexia 
Assessment of Simulation or Honesty-Revised; RDS: Reliable Digit Span.
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Examination of categorical thresholds revealed that, although the proportion of 
students exceeding interpretive cutoffs on NIM and MAL did not differ significantly 
across time periods, a significantly greater proportion of students assessed post-COVID 
exceeded established NIM–PIM discrepancy thresholds indicative of a strong tendency 
toward negative impression management. Importantly, this pattern reflects increased 
negative self-presentation rather than elevated rates of invalid or malingered psycho-
logical profiles, as elevations on malingering-related indices (e.g. MAL) remained stable 
across cohorts.

Table 3. PAI  inconsistency and infrequency from pre- during- and post COVID.
Pre During Post F/X2 p n2/Cramer’s V

PAI INC = 705
N 383 109 213
Mean 53.65 54.32 53.49 0.335 .715 0.001
SD 9.06 7.95 8.73
% > =73 2.3 0.9 2.3 0.907 .635 0.036
PAI INF = 705
N 383 109 213
Mean 54.61 54.61 55.36 0.475 .622 0.001
SD 9.47 8.93 9.44
% > =75 1.3 2.8 1.9 1.118 .572 0.040

PAI INC: Inconsistency score from Personality Assessment Inventory; PAI INF: Infrequency score from Personality 
Assessment Inventory.

Table 4. PAI  symptom validity and general psychological distress scores from pre-during- and 
post COVID.

Pre During Post F/X2 p n2/Cramer’s V
PAI NIM = 657
N 356 101 200
Mean 57.23a 62.23b 61.34b 7.517 <.001 0.022
SD 13.61 15.08 16.10
% > =77 7.6 8.9 12.0 3.016 .221 0.068
PAI PIM = 657
N 356 101 200
Mean 44.25a 40.91b 40.24b 8.615 <.001 0.026
SD 12.11 10.69 11.36
%< =24 3.7 5.0 6.5 2.325 .313 0.059
PAI NIM-PIM = 657
N 356 101 200
Mean 12.99a 21.31b 21.10b 10.550 <.001 0.031
SD 22.28 22.55 23.63
%>40 11.0a 19.8ab 19.0b 8.993 .011 0.117
PAI MAL = 543
N 356 101 86
Mean .95 1.01 .98 0.149 .862 0.001
SD .95 .92 1.03
% > =3 6.7 6.9 10.5 1.442 .486 0.052
Hoelzle General Psychological Distress = 638
N 345 96 197
Mean 60.10a 65.84b 65.02b 13.820 <.001 0.042
SD 12.57 11.90 12.64
%> =70 23.2a 37.5b 37.6b 15.611 <.001 0.156

Means with different superscripts are significantly different from one another based on Tukey HSD Post Hoc 
analysis; PAI NIM: Personality Assessment Inventory Negative Impression Management; PAI PIM: Personality 
Assessment Inventory Positive Impression Management; PAI MAL: Personality Assessment Inventory Malingering 
Inventory.
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By contrast, the level of General Psychological Distress (GPD) was different during 
the three time periods. Post-hoc testing indicated not only that scores were signifi-
cantly higher during COVID, but that they also remained higher than pre-pandemic 
levels after COVID restrictions were lifted. Furthermore, even though analyses were 
restricted to participants with valid PAI profiles (see methods), the percentage of 
students reporting severe levels of GPD (i.e. T-scores of 70 or more) rose significantly 
from 23.2% pre-COVID to 37.5% during and 37.6% post-COVID (see Table 4).

With respect to non-credible self-reporting of ADHD symptoms, we examined the 
scores on the three CAARS validity scales. After removing those who answered this 
measure too inconsistently, we found that scores on the CII, EI, and DISS were all 
significantly different across the three time periods. Post-hoc testing indicated that 
these three validity scores were significantly higher only in the post-COVID group 
relative to the other two earlier time periods (see Table 5). Similarly, the proportion 
of students obtaining scores on each of these scales suggestive of non-credible 
reporting increased only in the post-COVID period.

Given the observed post-COVID increases in both general psychological distress 
(GPD) and non-credible ADHD symptom reporting, additional analyses were conducted 
to examine the relationship between GPD and elevations on the CAARS symptom 
validity indicators.

Students who violated at least one CAARS validity scale (n = 79) reported substan-
tially higher levels of GPD (M = 74.22, SD = 10.55) than those with valid CAARS profiles 
(n = 165; M = 57.75, SD = 10.94), a difference that was statistically significant, t(242) = 
11.12, p < .001, with a large effect size (Cohen’s d = 1.52).

Receiver operating characteristic (ROC) curve analysis indicated that GPD demon-
strated good discriminative ability for CAARS validity scale elevations (AUC = 0.85, 
95% CI [0.81, 0.90]). A GPD cut score of 66 yielded a sensitivity of 0.81 and specificity 
of 0.77 for identifying individuals who violated one or more CAARS validity indicators. 
Notably, a cut score of T = 86 produced no false positives, indicating that extreme 
elevations in GPD were consistently associated with CAARS validity scale violations.

Table 5.  Conners’ adult ADHD rating scale (CAARS) symptom validity test scores from pre-during- 
and post COVID.

Pre During Post F/X2 p n2/Cramer’s V
CAARS CII = 447
N 236 85 126
Mean 10.62a 11.37ab 13.83b 7.171 <.001 0.034
SD 7.22 6.92 7.95
% > =21 8.3a 10.8a 26.6b 23.420 <.001 0.232
CAARS EI = 414
N 164 91 159
Mean .74a .86ab 1.26b 4.392 .013 0.022
SD 1.38 1.60 1.77
% > =3 10.4a 11.0ab 21.41b 9.103 .011 0.148
CAARS DISS = 416
N 163 92 161
Mean 11.99a 14.84ab 16.92b 11.249 <.001 0.049
SD 7.93 10.28 10.91
% > =20 16.6a 25.0ab 33.5b 12.449 .002 0.173

Note: Means with different superscripts are significantly different from one another based on Tukey HSD Post Hoc 
analysis.
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To further examine this relationship, a multiple linear regression analysis was con-
ducted with the CAARS CII, EI, and DISS scales entered simultaneously as predictors of 
GPD in an associative model. The overall model was statistically significant, F(3, 240) = 
102.90, p < .001, accounting for 56.3% of the variance in GPD scores (R2 = 0.563; 
adjusted R2 = 0.557). All three CAARS validity scales contributed significantly to the 
model. Consistent with these findings, GPD was strongly and positively correlated with 
the CAARS CII (r = 0.72), EI (r = 0.52), and DISS (r = 0.63), all ps < .001.

Discussion

To our knowledge, this is the first study to document largely stable rates of exceeding 
established cutoffs on performance validity test (PVT) across pre-, mid-, and post-COVID 
cohorts, alongside increased failure on certain disorder-specific symptom validity tests 
(SVTs) and a single domain-specific PVT among assessment-seeking postsecondary 
students following the onset of the COVID-19 pandemic. Notably, there was no evi-
dence that students were more prone to non-credible cognitive or memory-related 
performance problems post-pandemic, nor were most conventional PVTs failed at 
higher rates relative to pre-COVID assessments.

As noted above, the only increase in PVT failure was on the DASH-R, a dyslexia-specific 
PVT, on which both FI scores and failure rates were approximately doubled post-COVID 
relative to pre-pandemic levels. This isolated finding should be interpreted cautiously 
in the context of otherwise stable PVT performance. Given that the DASH-R stimuli 
are extremely easy even for individuals with genuine reading disorders (Harrison et  al., 
2025), these elevations may reflect task-specific non-credible responding on 
reading-related measures in high-stakes assessments rather than a generalized decline 
in performance validity.

In contrast, symptom overreporting increased substantially following the onset of 
COVID, particularly non-credible overreporting of ADHD symptoms. This pattern was 
not attributable to random responding or elevations on malingering-related indices 
but rather co-occurred with a marked and sustained increase in general psychological 
distress (GPD). Levels of GPD were significantly higher during and after COVID, with 
extreme elevations observed in over one-third of students during these periods. These 
findings align with national survey data indicating substantial post-pandemic increases 
in psychological distress among Canadian postsecondary students (American College 
Health Association, 2022) and suggest that elevated distress has persisted well beyond 
the resumption of in-person learning.

In addition to increases in general psychological distress, post-COVID cohorts 
demonstrated a broader shift toward negative self-presentation on personality validity 
indices. Specifically, a significantly greater proportion of students assessed post-COVID 
exhibited elevated NIM–PIM discrepancy scores, reflecting a stronger tendency toward 
negatively biased self-reporting. Importantly, this pattern was not accompanied by 
increases in malingering-related indices, suggesting that these elevations reflect 
response style and distress-related self-presentation rather than intentional exagger-
ation or globally invalid profiles. This broader shift in negative response style provides 
important context for interpreting disorder-specific symptom validity findings.
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Although prior studies did not examine validity indicators directly, Jamieson et  al. 
(2025) reported increased self-reported ADHD symptoms following the COVID-19 
pandemic without a corresponding rise in diagnostic rates, speculating that psycho-
logical distress or exposure to misinformation may underlie this pattern. Increased 
social media use during the pandemic coincided with the proliferation of non-credible 
information about ADHD and other psychological conditions (Karasavva et  al., 2025; 
Verma & Sinha, 2025; Yeung et  al., 2022), a phenomenon described as mass sociogenic 
illness (e.g. Fremer et  al., 2024; Giedinghagen, 2023). While causal mechanisms cannot 
be established, the co-occurrence of elevated general psychological distress (GPD) 
and increased non-credible ADHD symptom reporting provides an important contex-
tual framework for interpreting the present SVT findings.

An important conceptual clarification is warranted. The present findings do not 
suggest that psychological distress directly produces failures on SVTs, nor that SVTs 
are sensitive to distress-related psychopathology. Rather, elevated distress may function 
as a contextual vulnerability factor that increases reliance on symptom-based explan-
atory frameworks, such as ADHD, when individuals attempt to interpret nonspecific 
cognitive, emotional, or functional difficulties. Under these conditions, symptom 
endorsement may become exaggerated or poorly calibrated relative to objective 
evidence, increasing the likelihood of elevations on disorder-specific SVTs. This inter-
pretation reflects a population-level association rather than a causal or individual-level 
linkage between distress and SVT performance.

Consistent with this framework, additional analyses demonstrated a strong 
association between GPD and elevations on CAARS symptom validity indicators. 
Students who violated one or more CAARS validity scales reported substantially 
higher levels of psychological distress than those with valid CAARS profiles, with 
large effect sizes. Moreover, GPD showed good discriminative ability for CAARS 
SVT elevations, and CAARS validity scales collectively accounted for a substantial 
proportion of variance in GPD scores. Importantly, these findings do not indicate 
that CAARS SVTs measure psychological distress; rather, they suggest that elevated 
distress is associated with an increased likelihood of non-credible ADHD symptom 
endorsement.

Taken together, these findings support the interpretation that psychological distress 
operates as a contextual risk factor for symptom over-endorsement rather than as a 
direct determinant of validity test performance. This interpretation is consistent with 
prior work demonstrating associations between internalizing distress, negative affec-
tivity, and exaggerated symptom reporting in the absence of deliberate feigning 
(Denovan et  al., 2019; Merckelbach et  al., 2019). Prior research indicates that anxiety, 
depression, neuroticism, and general psychological distress are associated with symp-
tom over-endorsement, even in the absence of deliberate feigning (Denovan et  al., 
2019; Merckelbach et  al., 2019). Consistent with Harrison et  al. (2013), these findings 
suggest that ADHD symptom elevations may function analogously to a fever in med-
ical contexts, signaling distress or functional difficulty while remaining diagnostically 
nonspecific. However, when such symptom elevations occur in conjunction with 
elevations on ADHD-specific symptom validity indicators, they cannot be interpreted 
as credible evidence of ADHD symptomatology.
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Regardless of etiology, these results underscore the importance of incorporating 
SVTs and PVTs into ADHD and learning disorder assessments. Although performance 
validity failures remained largely stable across COVID-era cohorts, between one-fifth 
and one-third of students assessed post-COVID showed evidence of non-credible 
ADHD symptom reporting. Given that clinicians are poor at detecting symptom 
exaggeration based on clinical judgment alone, objective validity testing remains 
essential, particularly when assessments carry implications for diagnosis, treatment, 
or academic accommodations. Failure to identify invalid data increases the risk of 
misdiagnosis, inappropriate intervention, and reliance on symptom explanations 
that do not accurately reflect the primary source of impairment. Alternative expla-
nations, including increased motivation to obtain ADHD diagnoses or academic 
accommodations in postsecondary settings, cannot be ruled out and may also 
contribute to elevated rates of non-credible ADHD symptom reporting in 
post-pandemic cohorts.

Clinical implications for ADHD and LD assessment in postsecondary students

In clinical practice, diagnostic decisions often rely heavily on self-reported symptoms 
and perceived functional impairment. When such data is invalid, conclusions may be 
compromised, leading to interventions poorly aligned with students’ actual needs. For 
example, attentional difficulties arising in the context of acute distress may be misat-
tributed to a neurodevelopmental disorder, potentially resulting in inappropriate phar-
macologic treatment or delayed access to more suitable mental health interventions.

Invalid assessment data also have implications at the institutional level. Postsecondary 
accommodations require substantial administrative and financial resources, and when 
granted on the basis of non-credible data, these resources may be misallocated, 
reducing access for students with well-documented and persistent disabilities. Failure 
to detect non-credible responding therefore has both clinical and equity implications.

When clinicians encounter failed PVTs or SVTs in postsecondary ADHD or LD 
assessments, particularly on measures such as the DASH-R or CAARS, best practice 
involves neither ignoring these findings nor equating them with intentional deception. 
Rather, validity test failures should prompt a structured reevaluation of the assessment 
data and clinical formulation. As outlined by Schroeder and Martin (2025), this process 
includes examining the pattern and consistency of validity indicators, considering 
contextual and psychological factors that may influence responding (e.g. acute distress, 
test-taking expectations, illness beliefs), and integrating collateral information such 
as academic history, prior documentation, and behavioral observations.

When symptom validity indicators embedded in self-report measures are elevated 
(e.g. CAARS-EI, PAI validity scales), clinicians should exercise caution in interpreting 
symptom severity scales and avoid making diagnostic decisions based solely on 
self-report. Instead, greater weight may be placed on developmental history, objective 
academic records, performance-based measures, and longitudinal consistency of 
impairment. Similarly, isolated failures on domain-specific PVTs, such as the DASH-R, 
should be interpreted in the context of broader performance validity results and task 
characteristics, rather than as evidence of global non-credible performance.
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From a clinical management perspective, the identification of validity concerns 
may warrant additional steps, such as feedback-focused clarification, deferred diag-
nostic conclusions, recommendations for follow-up assessment, or referral for treatment 
targeting distress prior to reevaluation. In this way, validity testing functions as a tool 
for improving diagnostic accuracy and treatment planning rather than as a gatekeep-
ing or punitive mechanism (Schroeder & Martin, 2025).

Importantly, validity test failures should not be automatically interpreted as evidence 
of deliberate deception among assessment-seeking students. Rather, they may suggest 
that elevated distress and contextual pressures, particularly in the post-pandemic 
period, may compromise the accuracy of symptom reporting. From this perspective, 
SVTs and PVTs serve not as punitive tools, but as safeguards that promote accurate 
diagnosis, appropriate intervention planning, and fair allocation of institutional 
supports.

Limitations

Like most archival studies, ours has a number of limitations which may affect inter-
pretation and generalization of our findings. The primary limitation concerns the 
classification of students into pre-, during-, and post-COVID groups based on the 
timing of their feedback sessions. This approach may not have been a completely 
accurate reflection of the exact time period in which the actual assessment occurred. 
For instance, the complete lock down did not begin in Canada until mid-March 2020, 
and pandemic restrictions formally ended in late April 2022. It is therefore possible 
that some students classified as being assessed during the pandemic may have been 
less anxious after restrictions had ended, but school had not yet begun. Nevertheless, 
our data suggest that, in fact, levels of self-reported distress remained high both 
during and after the pandemic ended, suggesting that our classification approach 
likely reflects the broad tendencies found during and after the pandemic.

A second limitation is that students tested during COVID were tested in person; 
however, they were assessed under modified conditions. These conditions included 
the use of personal protective devices such as masks and a plexiglass barrier placed 
between the assessor and the client. These procedural differences may have modified 
both how the students performed and self-reported. However, if this deviation in 
standardized assessment practice only affected those tested during COVID then one 
would expect to see specific differences only in that middle group, whereas in fact 
our findings show that changes in self-reporting either started during COVID and 
continued afterwards, or became apparent only after COVID restrictions were lifted. 
It is therefore unlikely that these methodological differences can explain the observed 
increases in non-credible symptom reporting and self-reported levels of general 
distress.

Although participants completed varying PVT batteries, this reflects routine clinical 
practice. Because our analyses focused on performance on individual PVTs rather than 
case-level validity determinations, heterogeneity in PVT composition was present 
across all cohorts and would be expected to introduce random measurement noise 
rather than systematic bias.
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Fourth, as we did not have item-level responses from the PAI, we could not cal-
culate other proposed PAI validity indices such as the Negative Distortion Scale (Mogge 
et  al., 2010) or the Cognitive Bias Scale (Gaasedelen et  al., 2019). Although scale-level 
analogues of the CBS (CBS–Scale of Scales; Boress et  al., 2022) have been developed 
and validated for use when item-level data are unavailable, these indices were not 
part of the original analytic framework for the present study. Future research may 
benefit from examining whether item-level CBS indices or CBS–SoS measures are 
sensitive to temporal changes in response style and non-credible self-report across 
pandemic-related cohorts.

Finally, while the assessment seeking students came from a wide range of post-
secondary environments (community college and 4-year universities) in mid-sized 
communities, the sample was predominantly Caucasian and relatively well educated. 
This therefore limits the generalizability of the study, and it remains unknown whether 
these trends would also be observed in extremely large cities or in more ethically 
and socioeconomically diverse populations. Future research should therefore examine 
if these patterns of validity test performance and psychological distress differ in set-
tings that deal with more diverse groups of young adults.

Conclusion

The central performance validity finding of this study is the stability of PVT failure 
rates across pre-, mid-, and post-COVID cohorts, indicating that heightened psycho-
logical distress did not translate into widespread non-credible cognitive performance. 
Although an isolated increase was observed on one reading-specific PVT, this finding 
should be interpreted cautiously given otherwise consistent PVT results.

By contrast, indicators of non-credible symptom reporting, particularly for ADHD, 
increased substantially following the onset of COVID and co-occurred temporally with 
elevated levels of general psychological distress. While causal mechanisms cannot be 
determined, these findings reinforce the importance of incorporating multiple, inde-
pendent validity indicators into ADHD and learning disorder assessments. Without such 
measures, clinicians risk relying on data that may be misleading, increasing the likelihood 
of misdiagnosis, inappropriate treatment, and misallocation of academic supports.

Overall, the pandemic appears to have amplified psychological distress and vul-
nerability to non-credible symptom reporting among assessment-seeking postsecond-
ary students. Regardless of etiology, these findings underscore the necessity of routine 
validity testing to support accurate, equitable, and clinically sound decision-making.
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